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Abstract

This dissertation comprises two essays on the relationship between public policy and
individual well-being. The rst chapter investigates the causal impact of the Earned
Income Tax Credit (EITC), one of the largest U.S. antipoverty programs, on
subjective well-being (SWB), measured by self-reported happiness and life
satisfaction, using two quasi-experimental strategies. | exploit variation in

state-level EITC supplements over time and construct a simulated instrumental
variable to estimate the e ect of net income on SWB, accounting for potential labor
supply endogeneity. Leveraging federal and state policy changes that vary by family
structure, | nd that while the EITC signi cantly increases household income, its

e ects on SWB are mixed. A$1,000 increase in generosity modestly raises SWB,
especially during peak tax refund months, whereas increases in net income alone do
not consistently improve SWB.

The second chapter examines the impact of state-mandated nancial education on
adult nancial well-being (FWB), using variation in the timing and intensity of high
school curriculum requirements across U.S. states. Drawing on repeated
cross-sectional data from the National Financial Capability Survey (NFCS) and a
composite FWB measure, | employ a staggered di erence-in-di erences framework
and event study design. The results show no overall evidence that mandates a ect
FWB. While mandate intensity (course, test, or both) yields no signi cant e ects,

requiring a course alone has a statistically signi cant positive impact.



Chapter 1

DOES THE EARNED INCOME TAX CREDIT AFFECT
WELL-BEING?

Abstract

The Earned Income Tax Credit (EITC) is one of the largest antipoverty programs

in the United States. This study investigates the causal impact of the EITC on
subjective well-being (SWB), measured through self-reported happiness and life
satisfaction, using two quasi-experimental strategies. First, | exploit variation in
state-level EITC supplements over time to examine how the generosity of the credit
in uences SWB. Second, | construct a simulated instrumental variable to estimate
the e ect of net income on SWB, accounting for potential endogeneity in labor
supply responses. By leveraging both state and federal policy changes that vary by
family structure, particularly the number of children, I nd that while the EITC

signi cantly increases household income, its direct e ects on SWB are more
complex. A$1,000 increase in EITC generosity is linked to a modest rise in SWB,
especially among individuals surveyed during peak tax refund months. In contrast,
increases in net income alone do not consistently translate into higher SWB.
Keywords: EITC, SWB, Simulated Instruments.

JEL Classi cations : 131, H24, J38, C36, D19



1.1 Introduction

Subjective well-being (SWB) encompasses happiness and life satisfaction, and it

o0 ers a holistic view of individuals' welfare that extends beyond traditional
economic measures like income and GDP. A well-being focus provides valuable
insights into various aspects of the human situation, enriching our understanding of
how people experience and assess their lives. SWB is particularly valuable as a
comprehensive welfare measure, which policymakers can target and economists can
study as a distinct objective. SWB also sheds light on consumer behavior, showing
how life satisfaction in uences spending and saving patterns. Kahneman and
Deaton (2010) found that while higher income is associated with higher life
evaluation, emotional well-being levels o beyond an annual income of about
$75,000. In the context of labor market dynamics, SWB contributes to
understanding the link between job satisfaction, work-life balance, and overall
contentment. Clark (2019) noted that job satisfaction has a substantial e ect on
overall life satisfaction. Additionally, SWB supports policy evaluation, as shown by
Diener et al. (2018), helping to ensure that policies enhance population well-being.
The Earned Income Tax Credit (EITC) plays a prominent role in alleviating

poverty for low-income families in the United States. The EITC is a negative
income tax designed to support low- to middle-income families while encouraging
labor force participation. At the federal level, the EITC has been modi ed six times
since its inception in 1975, with the maximum bene t amount and total expenditure
tripling in real terms. At the state level, EITC generosity varies: some states do not
o er a supplement at all, while others provide bene ts equal to as much as 85

percent of the federal credit. The credit amount also varies based on the number of

1 The maximum credit per person rose from$400 to $6,557 for low-income families, depending on
the number of EITC-qualifying children. Total spending increased from $14 billion to $56 billion



children in the household.

A growing body of literature evaluates the impacts of the EITC on various
outcomes, including labor supply, health, fertility, and marriagée. This paper
focuses on the impact of the EITC on SWB for several reasons. First, SWB can
serve as a proxy for utility , providing a more holistic measure of overall well-being
and happiness beyond traditional economic indicators. Second, the Understanding
America Study (UAS)- a six-year panel study conducted by the University of
Southern California- provides enhanced data on subjective well-being, yielding
deeper insights. Finally, aggregate measures of SWB er quanti able assessments
of overall well-being that are valuable for policymakers aiming to understand
welfare levels.

Qualifying for EITC bene ts may also a ect leisure time, since the credit is
conditional on employment. This study examines net income after EITC bene ts to
assess how income changes in uence the SWB of low-income families. By
constructing after-tax net income for each respondent, | simulate the e ects of
policy changes on families with di erent characteristics, such as income level and
family structure. This research contributes to the literature on the EITC and
provides insights into the broader causal link between income and SWB.

To estimate the causal relationship between income and SWB, | apply two

guasi-experimental strategies. First, | use variation in EITC bene ts to examine

between 1975 and 2022. All dollar amounts in this paper have been adjusted for in ation using the
CPI-U and are expressed in 2019 dollars.

2 For instance, ?), Kleven (2019) and Meyer (2002) investigate labor supply impacts of the EITC,
Baughman and Dickert-Conlin (2003) and Baughman and Dickert-Conlin (2009) examine fertility
impacts of the EITC.

3 See Frey and Stutzer (2014) and Benjamin et al. (2012)

4 Binder (2013)



changes in income, since the credit substantially increases after-tax income for
eligible families. This creates a useful opportunity to study the income{SWB
relationship, given that exogenous variation in income is rarely observed in
guasi-experimental designs. | begin with a reduced-form analysis that evaluates how
changes in EITC generosity a ect changes in SWB. Next, | use a simulated
instrumental variable (simlV) approach to isolate the causal e ect of income on
SWB. The simlV strategy exploits variation in EITC policy across states and over
time, based on family structure and the number of children, allowing for more
robust estimation of the relationship between income and SWB. This approach
enables me to estimate both the direct impact of EITC generosity on SWB and the
broader e ect of income.

| use panel data from the Understanding America Study (UAS), where SWB is
measured through key indicators: (i) life satisfaction and (ii) happiness. In addition,
the UAS contains su ciently detailed information to simulate tax and bene t
amounts using NBER's TAXSIM model (Feenberg, 1993). This enables me to
generate after-tax net income levels for each respondent, simulating the impact of
policy changes on families with speci ¢ characteristics, such as income and family
structure.

This chapter reports on three types of speci cations that connect SWB and the
EITC, each with di erent interpretations. The rst is an OLS speci cation, which
estimates the correlation between actual EITC amounts received and SWB. These
results are confounded by omitted variable bias, as individuals who qualify for larger
EITC amounts tend to have lower incomes, and lower-income individuals also tend
to report lower SWB. The second speci cation uses the maximum EITC amount a
person is eligible for based on household characteristics (MaxEITC). These

reduced-form estimates, calculated in both levels and changes, are plausibly causal



and generally indicate small, statistically fragile, but consistently positive e ects of
EITC generosity on SWB. Since these e ects are expected to be modest, the results
should not be interpreted as evidence of no impact but rather as a re ection of
limited statistical power. For policymakers, the implication is that there is no

strong reason to revise the commonly held view that increasing EITC generosity
helps reduce poverty and likely improves well-being. The third approach uses a
simulated instrumental variable speci cation to estimate the causal e ect of net
income on SWB, while holding labor supply xed at the level from the previous

year. This strategy addresses the limitation that the second speci cation does not
distinguish the income e ect from labor supply responses. Although the simlV
estimates are also statistically underpowered, their magnitudes are consistent with
ndings from other quasi-experimental studies examining the relationship between
income and SWB.

The structure of the paper is as follows: Section 2 provides additional background
on the EITC and subjective well-being. Section 3 details the data sources, including
the Understanding America Study (UAS) and the NBER's TAXSIM model. Section

4 outlines the reduced form and simulated instrumental variable research designs
used to establish the causal link between the EITC, net income, and SWB. Section
5 presents the empirical results, while Section 6 covers robustness checks. Section 7
discusses the study's limitations, followed by Section 8, which provides the

discussion of ndings. Lastly, Section 9 concludes the study.

1.2 Background
The EITC serves as a wage supplement for low-income families and individuals,
functioning similarly to a negative income tax by increasing returns to work at the

bottom of the income distribution. By raising after-tax income, the EITC aims to



improve the nancial position of eligible households and encourage labor force
participation, particularly among single parents with children (e.g., Hoynes (2019)).
However, its e ects are not uniform across all groups. For example, the EITC may
reduce the likelihood of both spouses working in married households, a ecting labor
supply at both the extensive and intensive margins. Thus, while the EITC
contributes to poverty alleviation and work incentives for some, its broader labor
market e ects are more nuanced and context-dependent.

The EITC is a highly e ective tool for reducing poverty, supplementing income, and
promoting work. It acts as a wage supplement for low-income families and
individuals, providing a strong incentive to work. As a form of negative income tax
for those earning the lowest wages, the EITC helps make work nancially rewarding.
Additionally, it increases the disposable income of low-income families and
individuals, enhancing their overall economic well-being.

When rst introduced, the total dollar amount of the federal EITC generosity was
approximately 14 billion dollars and remained around 14 billion dollars until 1986.
After the expansion under the Tax Reform Act of 1986 (TRA86), the EITC
generosity started to increase gradually over time. With the Omnibus Budget
Reconciliation Act of 1990 (OBRA90), it went up to$39 billion, and over$62 billion
with OBRA93. In the 2000s, the federal EITC generosity increased fro$60 billion
to $80 billion. After the expansion of American Recovery and Reinvestment Act
(ARRA) in 2009, the federal generosity was approximatel$76 billion. According to
the Internal Revenue Service, 31 million workers and families received a total &6
billion in EITC in 2022.

In addition to the federal program, many states o er supplementary EITC bene ts,
typically calculated as a percentage of the federal credit.Table AT2 illustrates the

proportion of federal EITC that each state contributes. These contributions vary by



state and over time. While states such as Alabama and Kentucky o er no
state-level EITC, others, like California, provide supplements as high as 85% of the
federal credit.

As one of the largest antipoverty programs in the United States, the EITC has
attracted substantial attention from researchers. Numerous studies have
investigated how the EITC in uences various outcomes, including labor force
participation, consumption, maternal health, child maltreatment, and infant health.

In a broader aspect, the EITC has several impacts on the society. One of the major
impacts is on labor supply. For instance, Hoynes (2019) nds that the EITC
positively impacts employment among single parents with children but unexpectedly
reduces the likelihood of married couples returning to work both at the extensive
and at the intensive margin. Meyer (2002) reports that the EITC signi cantly
increases labor force participation among single mothers at the extensive margin but
does not in uence the number of hours worked (the intensive margin). On the other
hand, Kleven (2019) argues that only the 1993 EITC expansion led to an increase in
employment at the extensive margin, while other expansions had limited e ects.
According to Moulton et al. (2016), the EITC signi cantly impacts labor force
participation among unmarried, less-educated mothers. Their study nds that when
a qualifying child becomes ineligible, recipients tend to exit the labor force, resulting
in a 3.3 percentage point decline in participation|suggesting that the EITC does

not consistently encourage work within the targeted demographic.

The e ects of the EITC are not limited to labor supply. Baughman and
Dickert-Conlin (2003) nd that birth rates increased following substantial EITC
expansions, with stronger e ects among non-white families. In another study,
Baughman and Dickert-Conlin (2009) report a positive correlation between the

EITC and fertility, though the e ects were modest. They conclude that EITC



expansion led to a small decline in higher-order fertility among white women

between 1990 and 1999, based on state-level birth rates.

1.2.1 Subjective Well-Being and Income

There has been an increase in attention in the literature to subjective well-being
(SWB), which has been de ned as the overall satisfaction with life (Diener, 1984).
The research focuses on how to de ne and measure SWB, and what its determinants
are. SWB is typically measured with self-report questionnaires and includes items
related to feeling content, satis ed, and positive about life. SWB has been linked to
various outcomes, and it is an important factor to consider when assessing overall
wellness. A person's SWB is in uenced by several factors, including their physical
and psychological health as well as their social support and nancial security. One
of the key factors is nancial security, which leads to a continuous yet famous
debate: Does money make people happy? Over time, there have been several
discussions aimed at answering this question and a growing literature focusing on
the relationship between SWB and income. Understanding whether higher income
leads to greater SWB has become crucial. The Easterlin Paradox, proposed by
Easterlin (1974), asserts that while happiness varies directly with income at a
speci c time, both within and between nations, the long-term relationship between
happiness and income growth rates is weak. Diener et al. (1993) furthered this
debate by suggesting that income in uences SWB primarily at lower income levels,
without addressing the e ects of relative income. In contrast, Stevenson and
Wolfers (2013) critically reassessed the data used by Easterlin, highlighting

methodological aws such as the neglect of changes in question wording. Their

5 For additional research, see Rothstein (2005), Eissa and Hoynes (2006), Chetty et al. (2013), Dahl
and Lochner (2012), and Meyer and Rosenbaum (2001).



ndings refute the Easterlin Paradox, showing that the relationship between income
and well-being is roughly log-linear, with no evidence of a satiation point as income
increases. Jebb et al. (2018) add another dimension to the discussion by revealing
signi cant regional variations in the income{SWB relationship, noting that a
satiation point is observed in wealthier regions. This body of work underscores the
complexity of the income{SWB relationship, suggesting that previous ndings are
not uniformly robust and highlighting the importance of methodological rigor in

this research area. In this paper, | will contribute to the literature by examining

and providing new evidence on the causal relationship between income|net of taxes
and tax credits, including the EITC|and SWB. To achieve this, | will test the
following quantitative hypothesis: an exogenou$1000 increase in the EITC will

raise net income by approximately 3%. Stevenson and Wolfers (2013) estimate that
a one log point increase in income enhances SWB by 0.2{0.4 standard deviations.
Applying this framework, a 3% increase in income corresponds to about 0.0296 log
points. Given an SWB standard deviation of 1.94, this suggests that®.000
increase in EITC would increase happiness by approximately 0.017 to 0.023 points.
This hypothesis will be empirically tested using the reduced form and simulated

instrumental variable methodologies outlined in this study.

1.2.2 Simulated Instrumental Variable

Using simulated instrumental variables is particularly advantageous when
investigating the causal relationship between the EITC and SWB. The EITC serves
as an e ective instrument because its variations are largely exogenous and
policy-driven, minimizing the risk of endogeneity. By leveraging the simulated
EITC, | can isolate the exogenous variation in net income, thus providing a more

accurate estimation of the EITC's causal e ects on SWB, while addressing potential



biases such as omitted variable bias. There have been several studies that employ
simulated instrumental variable approaches to address various econometric
challenges and establish causal relationships between key variables. By simulating
instruments that mimic true instrumental variables, researchers can derive credible
causal inferences and enhance the internal validity of their ndings. One of the rst
studies, by Currie and Gruber (1996a), utilizes a simulated instrumental variable
approach to examine the e ects of insurance coverage for low-income children by
using the expansion of Medicaid eligibility. They construct a simulated instrument,
"simulated fraction eligible," that varies with state legislative environments to avoid
biases related to economic and demographic characteristics. The instrument's
validity in addressing endogeneity hinges on the exclusion restriction, which requires
that the instrument a ects health outcomes only through its impact on Medicaid
eligibility. This approach generates robust estimates of Medicaid policy-related
health outcomes. In another study, Currie and Gruber (1996b) apply a simulated
instrumental variable to examine the relationship between newborn health and
recent changes in the eligibility of pregnant women for public insurance under
Medicaid. Facing omitted variable bias, they generate a \simulated fraction eligible"
instrument that depends on the legislative environment and is independent of other
state characteristics. Brown et al. (2020) investigates the long-term impacts of
expansions to childhood Medicaid on outcomes during adulthood. They construct
simulated measures of Medicaid eligibility to overcome measurement error and
exploit policy-induced variation. By employing a reduced form speci cation using a
simulated instrument, they estimate signi cant e ects of Medicaid on college
enrollment, fertility delays, and adult mortality. Biasi (2019) examines the causal
role of school nance equalization on intergenerational income mobility using

simulated instruments. The variation in per-pupil revenues generated by state-level

10



reforms serves as the instrumental variable, capturing exogenous changes in funding
formulas. The instrument is not correlated with changes in house prices, migration
rates, or income of migrants. The IV estimates are larger than OLS estimates,
reinforcing the importance of addressing endogeneity. Kroft et al. (2020) analyze
optimal income tax policies under endogenous wages and unemployment. They use
simulated micro and macro tax liabilities to derive exogenous policy variation
resulting from tax reforms. This approach allows them to consider spillover e ects

at the state level and obtain credible estimates of the optimal tax policy. Doleac
(2017) investigates the e ects of DNA databases on crime using a simulated
instrumental variable approach. By predicting the number of qualifying o enders in
each state-year combination, she creates a simulated instrument that is uncorrelated
with crime rates through any other channel. The use of pre-period statistics helps
eliminate simultaneity and omitted variable biases. Overall, these studies highlight
the signi cance of simulated instrumental variable approaches in econometric
research, enabling researchers to draw robust causal inferences and contribute to
evidence-based policymaking. Simulated IV strategies seek to exploit the plausibly

exogenous variation due to complicated policy changes.

1.3 Data

1.3.1 Understanding America Study

In this research, | use panel data from waves of the Understanding America Study
(UAS) conducted between 2014 and 209The data consists of 18,556 observations

across all 50 U.S. states and the District of Columbia. It includes information about

6 When evaluating the impact of the EITC, most studies have used the Survey of Income and Pro-
gram Patrticipation, Consumer Expenditure Survey, Survey of Consumer Finances, or Panel Study
of Income Dynamics. However, these data sets do not provide su cient information on subjective
well-being. In contrast, using UAS data in my research allows me to analyze the relationship be-
tween the EITC and subjective well-being.

11



each respondent's demographic background, such as gender, age, marital status,
education, number of household members, income, and labor status. In addition to
demographic variables, the data also provides information about subjective
well-being and other sources of income, such as business income, dividends,
pensions, mortgage, and rental income. In all analyses that follow, | apply the UAS

population weights.

1.3.2 Variables

Federal and State EITC: Federal and state EITC are measured using the NBER
TAXSIM program based on information provided in the UAS data. Panel A of
Table 1 reports both conditional and unconditional EITC amounts. The
unconditional federal EITC in 2019 dollars has an average $878 and a median of
$0; it equals$1,916 on average, conditional on being positive, with a median of
$1,173. The state EITC has an unconditional mean @830 and a median off0; it
averages$340 when conditional on being positive, with a median @&165. Over 50%
of the population is not eligible for any EITC because their income is above the
phase-out threshold. The median income @&b55,000 exceeds the quali cation limit,
resulting in zero EITC amounts for the majority.

Income and Net Income: One of the key variables of interest is income. In UAS,
income is a self-reported categorical variable. After taking the geometric averagi,
has a mean of$67,200, as shown in Table 1. On the other hand, net income is

after-tax income, including deducted tax and any credits if eligible. Net income has

7 The geometric average of an income bracket is calculated by multiplying the lower and upper
ends of the bracket and then taking the square root. For example, for thes30,000{$40,000 bracket,
the geometric average is approximately$34,641. This method gives a more accurate midpoint for
income data that is skewed, like household income, and is especially useful when working with log-
transformed data.

12



Figure 1A: Federal EITC by Income

a mean of$50,000. In addition to Table 3, Figure AF5 also shows the distribution of
net income of respondents.

Labor Supply: Labor force participation is measured in the survey with the
guestion, \Are you currently employed?" Panel B in Table 1 shows the summary
statistics for labor supply. While 65% of the population is in the labor force, only
58% is employed. Hours of work average 39 hours, conditional on being greater than
zero.

Subjective Well-Being:  In the UAS data, SWB? is measured by multiple

well-being questions. These questions are: \How happy are you?", \How satis ed

are you with your life?", \How satis ed are you with your job?", \How satis ed are

you with your health?", and \How satis ed are you with your family life?"

8 Table AT3 shows the pairwise correlations between each SWB measure.
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Figure 1B: State EITC by Income

Respondents were asked to rate these questions on a scale of 0 to 10, where 0 means
\not at all" and 10 means \completely." Panel C reports subjective well-being

variables and statistics. The average happiness score is 7.4 out of 10, while life
satisfaction has a mean of 7.2. The lowest average is 5.8 for income satisfaction.
Looking at changes in these variables over each year, the highest change is in

income satisfaction with an average of 0.14, and the lowest is {0.1 for the change in
happiness.Demographics: Panel D of Table 1 presents background information

on demographics. While 57% le taxes jointly, 67% of the respondents do not have
any dependents, 13% report having one dependent, 13% report having two

dependents, and only 8% of the respondents have three or more dependents.

14



1.3.3 TAXSIM

TAXSIM is a computer program developed by the National Bureau of Economic
Research (NBER) (Feenberg and Coutts, 1993). It is designed to simulate the e ects
of federal, state, and local taxes on individuals, households, and rms. The program
produces estimates of the distribution of tax liabilities, income, and economic
welfare, as well as the e ects of tax policy changes. It provides detailed information
on the e ects of federal taxes, such as the individual income tax, corporate income
tax, estate tax, and payroll tax. It also covers state and local taxes, including state
income taxes, sales taxes, and property taxes. TAXSIM is mostly used by
economists, tax policy analysts, and policymakers to study the e ects of di erent
tax policies, evaluate current policies, and develop alternative tax systems.

TAXSIM uses information from the survey. The year in the TAXSIM program is

de ned as the survey year minus one. Marital status is divided into four categories:
single or head of household (unmarried), joint (married), separate (married), and
dependent taxpayer (a child with income). To measure tax liabilities or refunds, the
program also uses the number of dependents to calculate federal and state EITCs.
To be considered an EITC-eligible child, the dependent must be under 19, or under
24 if enrolled as a student.

The program distinguishes between di erent income channels, such as income from
the primary respondent or from the spouse. For non-joint returns, the spouse's
income is set to zero. It accounts for self-employment income of both primary
respondents and spouses, dividend income, taxable interest received, short- and
long-term capital gains or losses, pensions, gross Social Security bene ts, and
unemployment compensation for both the primary taxpayer and the spouse. It also
includes transfers, rent paid, childcare, mortgage payments, business income, and

property income such as unearned income, limited partnership and passive S-Corp
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pro ts, rent not eligible for Quali ed Business Income (QBI), nonwage fellowships,
state income tax refunds, and IRA contributions.

In return, the program provides simulated tax information on taxable income,
federal and state taxes, general tax credits, child tax credits, and|most
importantly for the purpose of this paper|Earned Income Tax Credit amounts for

both federal and state.
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Table 1.1: Descriptive Statistics

Variables Mean SD Median N

Panel A: Income and the EITC

Income @) 67,200 46,900 57,100 18,556
Net Income ) 50,100 25,473 41,600 18,556
AGI (%) 67,205 46,970 57,100 18,556
Federal EITC ($2019, TAXSIM, Unconditional) 378 1,138 0.00 18,556
State EITC ($2019, TAXSIM, Unconditional) 30 170 0.00 18,556
Federal EITC if >0 ($2019, TAXSIM) 1916 1,904 1,173 5,192
State EITC if >0 ($2019, TAXSIM) 340 476 165 5,192
Change in Federal EITC ¢, TAXSIM) -27 636 0.00 14,396
Change in State EITC @, TAXSIM) 5 97 0.00 14,396
Panel B: Labor Supply

Labor Force 0.65 0.48 1 18,556
Employed 0.58 0.49 1 18,556
Full Time 0.48 0.50 0 18,556
Part Time 0.10 0.30 0 18,556
Hours of Work 39 12 40 18,556
Panel C: Subjective Well-Being (Scale from 0-10)

Happy 7.4 1.94 8 18,457
Life Satisfaction 7.2 1.95 8 18,457
Income Satisfaction 5.8 2.70 6 18,457
Health Satisfaction 6.7 2.30 7 18,457
Family Satisfaction 7.6 2.20 7 18,457
Job Satisfaction 6.5 2.40 7 18,457
Change in Happy -0.1 1.72 0 14,317
Change in Life Satisfaction -0.07 1.68 0 14,317
Change in Income Satisfaction 0.14 2.18 0 14,317
Change in Health Satisfaction -0.05 1.80 0 14,317
Change in Family Satisfaction -0.04 1.94 0 14,317
Change in Job Satisfaction -0.03 2.18 0 14,317
Panel D: Demographics

Joint Tax File 0.57 0.50 1 18,556
No Dependents 0.67 0.47 1 18,556
1 Dependent 0.13 0.33 0 18,556
2 Dependents 0.12 0.33 0 18,556
3+ Dependents 0.08 0.27 0 18,556

Note: Panel A: Summary statistics of Income, after-tax net income, AGI, unconditional Federal
and State EITC, and conditional EITC when positive. All EITCs are in 2019 dollars. Panel B:
Summary statistics of labor supply. Panel C: Summary statistics of SWB (scale 0-10). Panel D:
Summary statistics for demographics.
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1.4 Empirical Framework

1.4.1 Partial Correlations
This project will exploit the variation across time, across states, and across
household demographics in the generosity of the EITC in pursuit of two main goals:

1. Directly measure the impact of EITC generosity on SWB.
2. Develop new evidence on the relationship between (net) household income and
SWB.
First, to show the (not necessarily causal) partial correlation between SWB and a

household's EITC, | run this OLS speci cation:

SWBigst = EITCigst + X jgst + ¢+ i+ "idst (1.1)

Here, SWBys; is one of several subjective well-being measures for householdth
dependentsd in state s at time t.° EITC 4 is the simulated bene t amount

calculated by TAXSIM. Xigst IS a vector of individual characteristics such as
education, age, and gender.

The coe cient of interest is , which captures various drivers of correlation between
SWB and the EITC program. For example, relative to the causal e ect, would be
biased downward if recipients of EITC bene ts are negatively selected (e.g., because
they became eligible after reductions in earnings). Alternatively, could be biased
upward by reverse causality, if higher SWB increases the propensity to obtain the
EITC. In addition, EITC 4 depends on labor supply and hence is endogendtls.

Due to these various considerations, we turn to two other, better-identi ed

9 The UAS includes questions on happiness, life satisfaction, satisfaction with family life, and job
satisfaction. | report e ects on all of these measures below.

10 EITC4st could also depend endogenously on number of dependents and state of residence, but
prior literature (e.g., Chetty et al. (2013)) nds little responsiveness on those dimensions.
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strategies to investigate the causal impact of the EITC on SWB: a reduced-form

di erence-in-di erences and an instrumental variable (V) design.

1.4.2 Reduced Form

To estimate the e ect of EITC generosity on SWB, rst | employ a reduced-form
speci cation. This approach allows me to identify a statistical relationship between
these two variables that has a causal interpretation, though it does not have easily
interpretable magnitudes. It provides a simpler and more transparent way to
directly observe the e ects of EITC generosity changes. | employ the following
reduced-form regressions in levels using Equation (2), and in changes using

Equation (3).

SWBigst = X igst + MaxEITCyst + ¢+ i+ "igst (2)

Here, MaxEITCyg is the maximum EITC benet in state s, at time t, and for a
household withd dependents.X 4 IS a vector of individual characteristics, such as
education, age, and gender. In the UAS data, 19.71 percent of the population is
eligible for the EITC, while 7.52 percent are eligible for receiving the maximum
EITC bene t.

Then, | run the same reduced-form speci cation in rst di erences:

SWB igst = MaxEITC gst + + "igst (3)

| also report versions of this speci cation and the speci cation in levels with a
variety of di erent sets of controls and xed e ects. Employing reduced-form on
both changes and levels will be bene cial for the following reasons: (i) It is plausible

to measure the direction of the impact of EITC generosity on SWB by estimating at
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levels and (ii) It will provide insight into how changes in the maximum EITC
benet a ect changes in SWB for the purpose of robustness. | interpret the

coe cient  in regression (2) and the coe cient in regression (3) as capturing the
directional impact of EITC generosity on SWB. | estimate both Equation (2) and

Equation (3) in the full sample and separately for di erent numbers of dependents.

1.4.3 Simulated Instrumental Variable

In this paper, in addition to estimating a reduced form to investigate the

relationship between the EITC and SWB, | also employ a simulated instrumental
variable (SIV) to explore the causal relationship between net income and SWB.
Estimating a causal link between income and SWB requires a source of exogenous
variation, and the EITC program is a suitable choice for this goal. Moreover,
because the EITC incentivizes labor supply responses on both the intensive and
extensive margini! | would expect EITC impacts on SWB to be smaller than the
impacts of equal-sized unconditional cash transfers or lottery winnings.

Using the NBER TAXSIM program, | simulate the dollar amount of the EITC
received by each household given survey year, marital status, dependents, and state
rules. However, using contemporaneous EITC bene ts creates an endogeneity
problem since the same year labor supply response is endogenous to the same year
tax policy. In addtition to endogenous labor supply, | may also face with endogenous
fertility response to the EITC. | address this issue by using the previous year's labor
supply (AGI) and fertility with the current year tax policies. This simulated EITC

approach also allows me to capture the nonlinearity of the EITC schedule.

11 Hoynes (2019), Kleven (2019), and Neumark and Williams (2020)
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Formally, |1 de ne the variable SImEITCj4s: as a function of yeart 1 income and

dependents, and yeat state-speci c tax rules:

SIMEITCigs;y = fst(Yir 1, Number of Dependents, 4;ruless;) (4)

EITCigsy 1= fsy 1(Yix 1, Number of Dependents., ;;rules;; 1) (5)

Equation (5) de nes the variable EITCgs: 1 With income, dependents, and tax
policy at time t 1, as above. HereY;; ; is the earned income for individual in
yeart 1, Number of Dependents is how many qualifying dependents each
respondent has at timet 1, and rules.; and rules.; ; are state rules for tax ling
for timest andt 1.

Then, | calculate the changes in predicted simulated EITC in Equation (6):

SIMEITCigst = SIMEITC jgs:t  EITCigst 1 (6)
Using the changes in predicted simulated EITC and following Currie & Gruber

(1996), | run the following two-stage least squares regressions:

Netlncome iyt =  SIMEITCiget + ° Xigst + ¢ + Vigst (7)

SWB 4t = Netldtome i + © Xigst + ¢ + "iust (8)

Here, the coe cient of interest is , which can be interpreted as the impact of &1
increase in net income on subjective well-being. This approach relies only on the

state-by-year variation in EITC generosity, so the IV exclusion restriction (while
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never directly testable) is plausibly satis ed.

Using EITC generosity with a simulated instrument is valuable for several reasons.
First, the EITC program allows us to identify it as quasi-random assignment, as
eligibility for the EITC is primarily determined by income and family size, and
individuals or families with similar characteristics and income levels can be treated
di erently based on their eligibility. Second, the EITC provides a large increase in
net income for eligible low-income individuals and families, and the change in
income is plausibly exogenous since it is not driven by the individual's choices or
behaviors but rather by changes in tax policy or personal circumstances such as
having a child. This exogenous variation in income isolates the impact of income
changes on SWB. The simulated IV approach here respects the full, non-linear
complexity of the EITC.

Next, several millions of low-income individuals and families from various
backgrounds bene t from the EITC program, which allows us to generalize ndings
to broader populations. Finally, UAS data provides several measures of SWB in
addition to happiness and life satisfaction, allowing me to explore potential
mechanisms through which income a ects SWB.

Using the EITC as an instrument raises important considerations for interpreting
the estimated coe cients. Although variation in EITC generosity is exogenous, it
can in uence household net income through behavioral labor supply responses along
both the extensive margin (whether to work) and the intensive margin (how much
to work). These endogenous adjustments complicate the interpretation of the

coe cient on predicted net income. If SWB is interpreted as a proxy for utility, and
utility depends on both income and leisure, then an increase in income can increase
utility, while a corresponding decrease in leisure may reduce it. As a result, the net

e ect on SWB re ects both the gain from higher income and the loss from reduced
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leisure. In the simulated IV speci cations, where labor supply is xed at the
previous year's level and thus not allowed to adjust, the estimated coe cient on
Nedincome ist may be larger than estimates from speci cations that allow for
endogenous labor supply responses. To provide a comprehensive view of the
relationship between income and SWB, | report reduced-form, IV, and OLS

estimates side by side.

Figure 2: Change in Federal EITC vs Change in Happiness
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Figure 3: Change in State EITC vs Change in Happiness

1.5 Results

The results from the estimation of Equation (1), focusing on SWB, are presented in
Tables AT4A through AT4F in the Appendix. Each column in these tables reports
estimates from separate OLS regressions. These regressions capture correlations
between EITC amounts and various SWB measures, including happiness, life
satisfaction, health satisfaction, job satisfaction, and family life satisfaction. The
OLS results suggest a modest but consistent negative correlation between EITC and
most SWB outcomes. Speci cally, &1,000 increase in EITC is associated with a
decline in happiness by 0.062 to 0.11 points and in life satisfaction by 0.077 to 0.134
points. Job satisfaction similarly shows a negative correlation, with declines ranging
from 0.092 to 0.182 points.

However, these estimates may re ect omitted variable bias. Since EITC is targeted
toward low-income households, and low income itself is strongly associated with

lower SWB, the observed negative correlations may partly capture the underlying
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relationship between poverty and well-being rather than the independent e ect of
EITC. In this context, EITC may serve as a proxy for nancial hardship:
households receiving larger credits may also be facing more economic and
psychological stress. For example, the correlation between EITC and family life
satisfaction is statistically insigni cant, suggesting that EITC is not systematically
associated with changes in family-related well-being. Additionally, the negative
correlation with income satisfaction further re ects this dynamic, indicating that
higher EITC receipt does not necessarily correspond to greater satisfaction with
one's nancial situation. Overall, while EITC provides meaningful income support,
the raw correlations do not imply positive e ects on well-being and may instead
re ect broader challenges faced by low-income recipients.

Since OLS is not su cient to understand causation, | turn to more rigorous
methods. To better assess the causal impact of EITC on subjective well-being, |
report results from reduced form and instrumental variable approaches, which
account for exogenous variation in EITC and help isolate its direct e ect on
well-being. These methods allow for a more reliable understanding of whether and

how EITC in uences well-being beyond mere correlations.

1.5.1 The Impact of EITC Generosity on SWB

Turning to causally identi ed estimates, | proceed in my investigation into the EITC
by regressing SWB on the maximum credit amount that respondents are eligible for.
MaxEITC serves as a meaningful and concise measure of EITC generosity because
it captures the highest possible credit an individual can receive, based on their
state, the year, and the number of dependents. This is particularly useful since over
one-third of EITC recipients qualify for this maximum amount due to their income

levels, making it a representative indicator of the credit's full benet for a
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signi cant portion of the population. MaxEITC varies across tax years, dependent
counts, and state regulations. However, the majority of households do not receive
any EITC, and even fewer qualify for the maximum bene t. This reduces the
strength of the estimates when compared to the true causal impact of monetary
transfers, as many households are not bene ting from the EITC at its full potential.
Thus, | may conservatively interpret estimation of Equation (2) as indicating the
directional e ects. The ndings are presented in Table 1.2, o ering a reduced form
speci cation in levels. Across all four columns, the coe cient on MaxEITC is
consistently positive and statistically signi cant, suggesting that higher EITC
generosity is associated with increased happiness. However, the estimated
magnitude varies with the inclusion of di erent controls and xed e ects. In
Columns (1) and (2) in Panel A, where individual and year xed e ects are
included, the main MaxEITC e ect ranges between 0.0141 and 0.0363 points per
$1,000. Columns (3) and (4), which omit xed e ects, produce slightly larger or
smaller estimates (0.0385 and 0.0183, respectively), illustrating that unobserved
individual heterogeneity and time-speci ¢ factors in uence the measured e ect.
The table also displays interaction terms for di erent numbers of dependents,

re ecting how the EITC schedule becomes more generous for larger families. In
Column (1) Panel E, families with three or more dependents appear to derive a
notably larger bene t, as indicated by a positive and borderline signi cant
interaction term. However, in other columns|particularly when xed e ects are
removed|the coe cient for three or more dependents loses statistical signi cance or
even becomes negative. These shifts highlight the sensitivity of the results to model
speci cation and reinforce the importance of controlling for individual and time

e ects. Taken together, the main takeaway is that higher EITC generosity tends to

increase self-reported happiness, but the precise magnitude and how it varies by

26



Table 1.2: Reduced Form Estimates of the E ect of EITC on Happiness

VARIABLES (1) Happy (2) Happy (3) Happy (4) Happy
Panel A
MaxEITC 0.0363** 0.0141** 0.0385*** (0.0183***
(0.007) (0.007) (0.005) (0.005)
Observations 18,451 18,451 18,451 18,451
R-squared 0.026 0.031 0.030 0.023
Panel B
MaxEITC if Dep =0 -0.95 -0.86 -0.7%* -0.9%**
(1.45) (1.43) (0.2) (0.2)
Observations 12,441 12,441 12,441 12,441
R-squared 0.031 0.031 0.032 0.021
Panel C
MaxEITC if Dep = 1 -0.3 0.3 -0.05 0.06
(3.14) (3.23) (0.7) (0.07)
Observations 2,385 2,386 2,385 2,385
R-squared 0.144 0.028 0.030 0.01
Panel D
MaxEITC if Dep = 2 -0.55 -0.7 -0.46 0.02
(0.5) (0.47) (0.5) (0.04)
Observations 2,237 2,237 2,237 2,237
R-squared 0.01 0.05 0.002 0.005
Panel E
MaxEITC if Dep 3 1.93* 1.04 -0.1* 0.08
(2.09) (1.12) (0.06) (0.05)
Observations 1,388 1,388 1,388 1,388
R-squared 0.026 0.031 0.030 0.023
Individual FE Yes Yes No No
Year FE Yes Yes No No
Controls Yes No Yes No

Note: MaxEITC represents the maximum Earned Income Tax Credit eligi-
bility (in $1,000s) based on the number of dependents. Column (1) includes
individual and year xed e ects and controls for race, education, age, and
sex. Column (2) includes individual and year xed e ects but excludes
additional controls. Columns (3) and (4) exclude xed e ects, with Col-
umn (3) including controls and Column (4) omitting them. Panel A shows
the full-sample estimates. Panels B through E show results separately by
number of dependents. Standard errors are reported in parentheses. ***

p<0.01, ** p<0.05, * p<0.1.

27



family size depend heavily on whether the analysis accounts for unobservable
individual characteristics, time-speci ¢ shocks, and demographic factors.
Additionally, a pronounced impact is observed on Family Life Satisfaction,
demonstrating an increase of 0.07 (Table AT5B). In terms of Health Satisfaction,
MaxEITC yields an impact of 0.036 when controlling for xed e ects. MaxEITC
increases Job Satisfaction by 0.037 points (Table AT5D, Column 2) and Income
Satisfaction by 0.07 points (Table AT5E, Column 2) per thousand dollars of credit.
On the other hand, Table 3 investigates the e ect of changes in MaxEITC on
changes in happiness. It reveals that while MaxEITC enhances happiness, changes
in MaxEITC do not signi cantly impact it. Moreover, changes in MaxEITC do not
signi cantly a ect other dimensions of SWB, except for changes in income
satisfaction, which tends to increase when controlling for changes in age, education,
and xed e ects. 12

These results suggest that increasing the maximum EITC could signi cantly
improve the SWB of individuals. Such measures hold promise for broader
implications in poverty alleviation and improving the quality of life for EITC
recipients. My analysis demonstrates that higher levels of the maximum EITC are
directly associated with better SWB. This relationship suggests that simply raising
the EITC could lead to tangible improvements in the lives of recipients.

The regressions in levels provide a clear and straightforward interpretation of how
the current or adjusted maximum EITC impacts well-being, o ering policymakers a
solid foundation for setting and adjusting bene t levels to improve outcomes. In
conclusion, the ndings underscore the important role that a higher maximum

EITC can play in enhancing subjective well-being among recipients, providing

12 Demonstrated in Appendix Table AT6E.
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valuable insights for policymakers and researchers focused on improving quality of

life through e ective tax credit policies.

Table 1.3: Reduced Form Estimates of the E ect of Changes in Maximum EITC on
Happiness

VARIABLES 4 Happy 4 Happy 4 Happy

Change in MaxEITC  0.002 0.0015 0.004
(0.0051) (0.0045) (0.004)

Mean (Happy) -0.0004  -0.0004  -0.0004
Observations 18,451 18,451 18,451
Year FE No Yes Yes
Controls No No Yes

Note: Change in MaxEITC is the change in maximum EITC
eligibility in terms of $1000s for an individual depending on
the number of dependents. Column 1 presents reduced form
estimates without controls. Column 2 is reduced form estimates
controlling for change in education and change in age. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

1.5.2 Estimating the Causal Impact of Income on SWB using a

Simulated Instrument
In this section, | present the results of a two-stage regression analysis employing a
simulated instrument to assess the causal relationship between income and
subjective well-being by instrumenting the EITC. The primary goal of the rst
stage was to investigate the relationship between net income and the EITC while
the second stage sought to estimate the impact of net income on SWB.
In Table 1.3, | report estimates of the simulated instrumental variable. The change
in EITC is the predicted change in the simulated EITC calculated in Equation (6).
The results of the rst stage indicate that there is a statistically signi cant
relationship between the predicted changes in the EITC and the changes in net

income. Every$1000 increase in the simulated EITC leads to an increase $#00.
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In addition, the increase in net income tends to increase happiness by 0.06, but this

e ect is not statistically signi cant. 3

Table 1.4: SIV Estimates of the E ect of EITC on Happiness

VARIABLES 4 Netlncome 4 Happy
Change in SIimEITC 0.9**

(0.42)
Change in Net Income 0.06

(0.2)

Mean -0.0005 -0.0004
Observations 18,451 18,451
Fixed E ects No No
R-squared 0.001 0.001

Note: Change in SImEITC is the predicted change
in simulated EITC by using equation (6) in terms
of $1000s. Net Income is after-tax income including
the EITC benets. Both Net Income and predicted
change in SImEITC are in ation adjusted. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

When | look at the other aspects of SWB and the impact of the EITC on them, |
see similar results to happiness. In the table AT7Al to AT7E2, while net income
increases by various amounts, | nd no signi cant impact on SWB measures.
These ndings underscore the need for a more in-depth investigation into the
possible underlying factors that could in uence SWB among recipients. Although
the estimates are not statistically signi cant at conventional levels, this should not
be interpreted as evidence of no e ect. Given the limited statistical power of the
available data, the analysis was not expected to detect small e ects with precision.
Nonetheless, the direction and magnitude of the point estimates are broadly

consistent with theoretical predictions. Rather than suggesting that the relationship

13 Figure AF11 displays the scatterplot of the rst-stage relationship between simulated EITC and
net income.
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between income and SWB is inherently complex or inconclusive, these results re ect
the constraints of the data and the best possible e ort to identify meaningful

patterns within those limits.

1.6 Robustness

In this section, | conduct a series of robustness checks. When analyzing the
simulated instrumental variable (SIV), | focused on changes in the predicted
simulated EITC and how it a ected changes in net income as my rst-stage
regression. In this section, however, | calculate changes in simulated net income

using the given data, as follows:

SWB jgst = simNetlncome iast T 0 Xigst T t+ "idst (9)

Here, simNetincome is the change in simulated net income for individual, in

state s, at time t. It is calculated as the di erence between simulated net income
and actual net income.

Simulated net income is after-tax net income calculated using simEITg;, while
actual net income is measured using the actual EITC, EITfs:. 1.

The results from Table 5 indicates that the$1,000 increase in simulated net income
tends to increase SWB measures. Speci cally, there is a 0.177 increase in happiness
after a $1,000 increase in simulated EITC. Life satisfaction tends to increase by
0.161 and job satisfaction goes up by 0.205 points. On the other hand, there is no
signi cant impacts on other components of SWB measure. Overall, the ndings
highlight that income gains from the EITC can improve general well-being and job
satisfaction, but other factors likely play a more important role in areas like family

life and health.
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Table 1.5: Robustness Check

VARIABLES 4 Happiness 4 Life 4 Family 4 Health 4 Job 4 Income

4 SimulatedN etlncome 0.181* 0.19* 0.045 0.0634 0.205* 0.0336
(0.09) (0.09) (0.11) (0.10) (0.12) (0.12)

4 Age 0.0002 0.0007 0.003* 0.0004 0.002 0.00034
(0.001) (0.0012) (0.0014) (0.001) (0.0015) (0.001)

4 Education 0.002 0.0067 0.003 -0.011 -0.005 -0.01
(0.008) (0.008) (0.009) (0.009) (0.0103) (0.0102)

Observations 18,451 18,451 18,451 18,451 18,451 18,451

R-squared 0.003 0.005 0.006 0.045 0.014 0.024

Year FE Yes Yes Yes Yes Yes Yes

Individual FE Yes Yes Yes Yes Yes Yes

Note: 4 SimulatedNetincome is the dierence between simulated net income and actual net income,
in $1000s. Column 1 presents estimates without controls. Column 2 presents estimates controlling for

changes in education and changes in age. Standard errors are in parentheses. **%0.01, ** p<0.05, *
p<0.1.

To further validate the ndings of the EITC analysis, | conduct a robustness check
by focusing speci cally on the survey months of March, April, and May. These
months are critical as they coincide with the period when most individuals receive
their tax refunds, which likely includes the EITC. By narrowing the focus to this
time frame, | aim to capture the direct e ects of the EITC disbursement on
subjective well-being, providing a more precise assessment of the program's impact
during the refund period.

On the other hand, when | use a reduced-form approach to estimate the causal
impact of the EITC on SWB, | nd that $1,000 increase in EITC generosity

increases SWB by 0.08 point which is larger than the estimates for the overall

sample.
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Table 1.6: Robustness Check for Months March, April, and May for Reduced Form

VARIABLES Happy (1) Happy (2) Happy (3) Happy (4)

MaxEITC 0.08** 0.04 0.025 0.000025
(0.03) (0.03) (0.01) (0.01)
Observations 3,355 3,355 3,355 3,355
R-squared 0.008 0.005 0.001 0.002
Individual FE Yes Yes No No
Year FE Yes Yes No No
Controls Yes No Yes No

Note: MaxEITC is the maximum EITC eligibility in terms of $1000s for

an individual depending on the number of dependents. Column 1 presents

reduced form estimates with year and individual xed e ects. Column 2 is

reduced form estimates controlling for race, education, age, and sex. Standard

errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
1.7 Limitations
Despite the contributions of this research, there are limitations to acknowledge.
First, the variation in state EITC was relatively small compared to federal EITC
which may limit the generalizability of the ndings. State EITC is a fraction of the
federal credit and vary signi cantly in generosity, eligibility requirements, and
refundability across states. As a result, the smaller variation in state EITC bene ts
may reduce the observed impact on income and SWB compared to the larger, more
uniform e ects of the federal EITC. This limited variation could make it di cult to
capture substantial di erences in outcomes across states, potentially leading to an
underestimation of the overall e ects of the EITC on SWB.
Second, the study relies on self-reported variables of income and SWB measures.
Income is reported as a categorical variable in the survey. To address the issue, |
used the geometric average of each income category as a continuous variable. While
this approach provides a reasonable approximation, it may create a measurement

error that may attenuate the estimated relationship between income and SWB.

Additionally, it could obscure the nonlinear e ects of income on SWB, particularly
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for lower-income households, where the EITC is expected to have a more
pronounced impact. This limitation may lead to an underestimation of the EITC's
true e ect on well-being. In order to deal with this limitation, using an
administrative data would be helpful.

In addition, | used TAXSIM simulation program to estimate tax liabilities and
credits since it is the most reliable way due to nature of tax calculations with a
survey data. However, TAXSIM's outputs depend on various assumptions about
household characteristics and state tax policies, which may not fully capture
individual-level variations. This introduces potential inaccuracies in the generated
income values, especially if the input data is incomplete or approximated. These
limitations should be considered when interpreting the results and drawing

conclusions.

1.8 Discussions

The results of this study contribute to the growing literature on the intersection of
tax policies and SWB. Despite the EITC's well-documented role in reducing poverty
and increasing after-tax income for low-income families, identifying its impact on
SWB requires careful empirical strategies. This study leverages quasi-experimental
variation in EITC generosity to provide evidence on how income support policies
relate to SWB. While estimates are not statistically signi cant at conventional

levels, the magnitudes are consistent with theoretical expectations, and the analysis
re ects the best possible use of available data to inform this important policy
guestion.

Estimation strategies with more credible causal identi cation generally point to
positive e ects of the EITC on SWB, although these e ects are not always

statistically signi cant. For example, speci cations using simulated EITC variation
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show estimates in line with theoretical expectations, even if limited statistical power
prevents precise inference. While MaxEITC serves as a useful measure of EITC
generosity across family types and time, it is not used as an instrument in the main
analysis. Instead, it provides reduced-form evidence on how changes in policy
generosity correlate with SWB outcomes.

The instrumental variable approach, using MaxEITC as a proxy for EITC
generosity, reveals a more positive, though not always statistically signi cant,
impact on happiness. This is particularly true for lower-income individuals who
gualify for the maximum bene t, indicating that the EITC could improve well-being
under certain circumstances, especially when nancial support is maximized.
Additionally, the analysis suggests that changes in MaxEITC are more likely to

a ect income satisfaction than other SWB measures, highlighting the importance of
nancial stability as a component of overall life satisfaction. However, the lack of
signi cant e ects on other well-being domains, such as family life and health
satisfaction, points to the limited scope of tax credits in addressing broader

guality-of-life issues.

1.9 Conclusion

SWB, which includes measures like happiness and life satisfaction, provides an
important alternative to traditional economic indicators for evaluating individuals'
welfare. This study investigates the relationship between the EITC and SWB,

0 ering new insights into how income support policies in uence well-being among
low-income families.

The reduced form regressions, leveraging state-by-year variation in EITC generosity,
show that while EITC generosity has positive e ects on SWB when examined in

levels, there are zero e ects when looking at changes over time. Similarly, two-stage
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least squares regressions using simulated instrumental variables suggest that while
the EITC signi cantly increases net income, it has no discernible causal e ect on
SWB dimensions, including happiness. These results indicate that the nancial
boost provided by the EITC does not necessarily translate into improved subjective
well-being.

These ndings highlight the complex dynamics between income support policies and
well-being. While increasing income through the EITC undoubtedly enhances
nancial security for low-income families, its direct impact on well-being is more
nuanced. The modest or insigni cant e ects on SWB suggest that other
socio-economic and psychological factors likely play an important role in shaping
individuals' happiness and life satisfaction.

This study contributes to the broader discourse on poverty alleviation and
well-being by providing new evidence on the relationship between income support
and SWB. While the estimates are imprecise and not statistically signi cant at
conventional levels, they are quantitatively similar to those found in other studies
showing positive impacts of cash transfers on SWB. The lack of precision is likely
due to limited statistical power, as state EITC supplements represent a relatively
small share of household income. Nonetheless, the ndings are consistent with the
view that income support may play a positive role in enhancing SWB, and they
underscore the value of continued empirical research using more granular or

higher-powered data.
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1.10 Appendix A
1.10.1 List of Tables

Table AT1:Maximum Federal EITC Generosity per Year by Number of Dependents
(Nominal)

Dependents 2013 2014 2015 2016 2017 2018 2019

0 Child $487  $496  $503 $506  $510 $519  $529

1 Child $3,250 $3,305 $3,359 $3,373 $3,400 $3,461 $3,526
2 Child $5,372 $5,460 $5,548 $5,572 $5,616 $5,716 $5,828
3 Child $6,044 $6,143 $6,242 $6,269 $6,318 $6,431 $6,557

Note: EITC generosity is not in ation adjusted. All information is from the IRS
website (irs.gov).

Table AT1B: Maximum Federal EITC Generosity per Year by Number of
Dependents (Real, In ation-Adjusted to 2019 Dollars)

Dependents 2013 2014 2015 2016 2017 2018 2019

0 Child $525.92  $525.98 $527.25 $522.73 $519.35 $522.13  $529
1 Child $3,509.72 $3,504.77 $3,520.96 $3,484.50 $3,462.32 $3,481.89 $3,526
2 Child $5,801.30 $5,790.03 $5,815.51 $5,756.20 $5,718.94 $5,750.50 $5,828
3+ Child $6,527.00 $6,514.32 $6,542.98 $6,476.24 $6,433.81 $6,469.82 $6,557

Note: EITC generosity is in ation-adjusted to 2019 US Dollars.
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Table AT2: State EITC as a Percentage of Federal EITC

State 2013 2014 2015 2016 2017 2018 2019
California 0 0 0 85 85 85 85
Colorado 0 10 10 10 10 10 10
Connecticut 30 275 30 275 23 23 23
Delaware 20 20 20 20 20 20 20
DC 40 40 40 40 40 40 40
lllinois 5 10 10 10 10 18 18
Indiana 6 9 9 9 9 9 9
lowa 7 14 14 15 15 15 15
Kansas 18 17 17 17 17 17 17
Louisiana 3.5 35 3.5 3.5 3.5 3.5 5
Maine 5 5 5 5 5 5 5
Maryland 25 25 25 26 27 27 28
Massachusetts 15 15 15 23 23 23 30
Michigan 6 6 6 6 6 6 6
Minnesota 33 33 33  25-45 25-45 25-45 25-45
Montana 0 0 0 0 3 3 3
Nebraska 10 10 10 10 10 10 10
New Jersey 20 20 20 30 30 37 39
New Mexico 10 10 10 10 10 10 17
New York 30 30 30 30 30 30 30
North Carolina 5 5 5 0 0 0 0
Ohio 0 5 5 10 10 10 30
Oklahoma 5 5 5 5 5 5 5
Oregon 6 8 6 6 * * *
Rhode Island 25 25 25 13 12.5 15 15
South Carolina 0 0 0 0 125 21 42
Vermont 32 32 32 32 32 36 36
Virginia 20 20 20 20 20 20 20
Washington 10 10 10 0 0 0 0
WISCOI’]SIn ** *% *% *% *% *%* *%*

Notes: * 11% (0 children), <3 years; 8% for all other lers, 2017-2019. **
Wisconsin: 4% for 1 child, 11% for 2 children, 34% for 3 or more children.
The average percentage is shared in the table.

42



Table AT3:Pairwise Correlations between SWB Measures

Variables D) 2) 3) (4) (5) (6)

(1) Happiness 1.000

(2) Life Satisfaction 0.848 1.000

(3) Health Satisfaction 0.553 0.561 1.000

(4) Family Life Satisfaction 0.665 0.649 0.444 1.000

(5) Income Satisfaction 0.536 0.605 0.467 0.415 1.000

(6) Job Satisfaction 0.628 0.650 0.570 0.510 0.612 1.000

Note: This table shows the pairwise correlations between each SWB measure.

Table AT4A:Regressions of Happiness on EITC Amounts

VARIABLES Happy (1) Happy (2) Happy (3)

EITC ($thousand) -0.0946%*  -0.110%**  -0.0617**
(0.0115) (0.0159) (0.0119)

Mean (Happy) 7.41 7.41 7.41
Observations 18,317 18,317 18,317
R-squared 0.005 0.005 0.005
Individual FE No Yes No
Year FE No Yes No
Controls No No Yes

Note: EITC is in ation adjusted and in terms of $1000s. Happy
ranges from O to 10. Standard errors are in parentheses. ***0.01,
** p<0.05, * p<0.1.

Table AT4B:OLS Estimates of the E ect of EITC on Life Satisfaction

VARIABLES Life Satisfaction (1) Life Satisfaction (2) Life Satisfaction (3)
EITC -0.126*** -0.134*** -0.0774***
(0.0115) (0.0159) (0.0119)
Mean (Life Satisfaction) 7.27 7.27 7.27
Observations 18,451 18,451 18,451
R-squared 0.005 0.008 0.005
Individual FE No Yes No
Year FE No Yes No
Controls No No Yes

Note: EITC is in ation adjusted and in terms of $1000s. Life Satisfaction is scaled from 0 to 10. Standard
errors are in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Table AT4C:OLS Estimates of the E ect of EITC on Family Life Satisfaction

VARIABLES Family (1) Family (2) Family (3)
EITC -0.00828 -0.00492 0.00757
(0.0130) (0.0178) (0.0136)
Mean (Family Life Satisfaction) 7.58 7.58 7.58
Observations 18,451 18,451 18,451
R-squared 0.02 0.001 0.02
Individual FE No Yes No
Year FE No Yes No
Controls No No Yes

Note: EITC is in ation adjusted and in terms of $1000s. Family is Family Life
Satisfaction, scaled from O to 10. Standard errors in parentheses. *** §0.01, **
p<0.05, * p<0.1.

Table AT4D:OLS Estimates of the E ect of EITC on Health Satisfaction

VARIABLES Health (1) Health (2) Health (3)
EITC -0.143*** -0.152*** -0.121***
(0.0135) (0.0187) (0.0139)
Mean (Health Satisfaction) 6.67 6.67 6.67
Observations 18,451 18,451 18,451
R-squared 0.021 0.011 0.015
Individual FE No Yes No
Year FE No Yes No
Controls No No Yes

Note: EITC is in ation adjusted and in terms of $1000s. Health is Health
Satisfaction, scaled from O to 10. Standard errors in parentheses. ***
p<0.01, ** p<0.05, * p<0.1.
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Table AT4E:OLS Estimates of the E ect of EITC on Job Satisfaction

VARIABLES Job (1) Job (2) Job (3)
EITC -0.166*** -0.182** -0.0916***
(0.0140) (0.0193) (0.0144)
Mean (Job Satisfaction) 6.53 6.53 6.53
Observations 18,451 18,451 18,451
R-squared 0.002 0.012 0.03
Individual FE No Yes No
Year FE No Yes No
Controls No No Yes

Note: EITC is in ation adjusted and in terms of $1000s. Job
Satisfaction is scaled from 0 to 10. Standard errors in parentheses.
*** p <0.01, ** p<0.05, * p<0.1.

Table AT4F: OLS Estimates of the E ect of EITC on Income Satisfaction

VARIABLES Income (1) Income (2) Income (3)
EITC -0.0946*** -0.110%*** -0.0617***
(0.0115) (0.0159) (0.0119)
Mean (Income Satisfaction) 5.65 5.65 5.65
Observations 18,451 18,451 18,451
R-squared 0.005 0.005 0.005
Individual FE No Yes No
Year FE No Yes No
Controls No No Yes

Note: EITC is in ation adjusted and in terms of $1000s. Income Satisfaction
is scaled from 0 to 10. Standard errors in parentheses. *** §0.01, ** p<0.05,
*

p<0.1.
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Table AT5A:Reduced Form Estimates of the E ect of EITC on Life Satisfaction

VARIABLES Life Satisfaction (1) Life Satisfaction (2)
MaxEITC 0.014** 0.046***
(0.00674) (0.00492)
Mean (Life Satisfaction) 7.27 7.27
Observations 18,451 18,451
R-squared 0.001 0.034
Individual FE Yes No
Year FE Yes No
Controls No Yes

Note: MaxEITC is the maximum EITC eligibility in terms of $1000s for an in-
dividual depending on the number of dependents. Column 1 presents reduced
form estimates with year and individual xed e ects. Column 2 is reduced form
estimates controlling for race, education, age, and sex. Standard errors in paren-
theses. *** p<0.01, ** p<0.05, * p<0.1.

46



Table AT5B: Reduced Form Estimates of the E ect of EITC on Family Life

Satisfaction
VARIABLES Family (1) Family (2)
MaxEITC 0.07*** 0.085***

(0.00748)  (0.00557)

Mean (Family Life Satisfaction) 7.58 7.58
Observations 18,451 18,451
R-squared 0.010 0.022
Individual FE Yes No
Year FE Yes No
Controls No Yes

Note: MaxEITC is the maximum EITC eligibility in terms of
$1000s for an individual depending on the number of dependents.
Standard errors in parentheses. *** p< 0.01, ** p<0.05, * p<0.1.

Table AT5C:Reduced Form Estimates of the E ect of EITC on Health Satisfaction

VARIABLES Health (1) Health (2)

MaxEITC 0.04++* 0.021 %+
(0.00793)  (0.00576)

Mean (Health Satisfaction) 6.67 6.67
Observations 18,451 18,451
R-squared 0.006 0.030
Individual FE Yes No
Year FE Yes No
Controls No Yes

Note: MaxEITC is the maximum EITC eligibility in terms

of $1000s for an individual depending on the number of de-
pendents. Standard errors in parentheses. *** g 0.01, **
p<0.05, * p<0.1.
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Table AT5D:Reduced Form Estimates of the E ect of EITC on Job Satisfaction

VARIABLES Job (1) Job (2)

MaxEITC 0.007  0.04**
(0.00820) (0.00594)

Mean (Job Satisfaction) 6.53 6.53
Observations 18,451 18,451
R-squared 0.003 0.004
Individual FE Yes No
Year FE Yes No
Controls No Yes

Note: MaxEITC is the maximum EITC eligibility

in terms of $1000s for an individual depending
on the number of dependents. Standard errors in
parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table AT5E:Reduced Form Estimates of the E ect of EITC on Income Satisfaction

VARIABLES Income (1) Income (2)

MaxEITC 0.006 0.07%+
(0.00942) (0.00670)

Mean (Income Satisfaction) 5.65 5.65
Observations 18,451 18,451
R-squared 0.005 0.083
Individual FE Yes No
Year FE Yes No
Controls No Yes

Note: MaxEITC is the maximum EITC eligibility in terms

of $1000s for an individual depending on the number of
dependents.  Column 1 presents reduced form estimates
with year and individual xed e ects. Column 2 is reduced
form estimates controlling for race, education, age, and sex.
Standard errors in parentheses. ** p<0.01, ** p<0.05, *
p<0.1.
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Table AT6A: Reduced Form Estimates of the E ect of Changes in Maximum EITC
on Life Satisfaction

VARIABLES 4 LifeSatisfaction 4 LifeSatisfaction
4 MaxEITC 0.002 0.0027
(0.0045) (0.005)
4 Education 0.0114*
(0.00633)
4 Age 0.000904
(0.00102)
4 LifeSatisfaction (Mean) -0.011 -0.011
Observations 18,451 18,451
Number of ID 3,851 3,848
Year FE No Yes

Note: 4 MaxEITC is the change in maximum EITC eligibility in terms of
$1000s for an individual depending on the number of dependents. Column 1
presents reduced form estimates without controls. Column 2 is reduced form
estimates controlling for change in education and change in age. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table AT6B:Reduced Form Estimates of the E ect of Changes in Maximum EITC
on Family Life Satisfaction

VARIABLES 4 FamilyLife 4 FamilyLife
4 MaxEITC -0.01 -0.0034
(0.005) (0.006)
4 Education 0.002
(0.007)
4 Age 0.003**
(0.001)
4 FamilyLife (Mean) -0.037
Observations 18,451 18,451
Number of ID 3,851 3,848
Year FE No Yes

Note: 4 MaxEITC is the change in maximum EITC eligi-
bility in terms of $1000s for an individual depending on the
number of dependents. Column 1 presents reduced form esti-
mates without controls. Column 2 is reduced form estimates
controlling for change in education and change in age. Stan-
dard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Table AT6C: Reduced Form Estimates of the E ect of Changes in Maximum EITC
on Health Satisfaction

VARIABLES 4 Health (1) 4 Health (2)
4 MaxEITC -0.002 -0.003
(0.005) (0.005)
4 Education -0.008
(0.007)
4 Age 0.0003
(0.001)
4 Health Satisfaction -0.04
Observations 18,451 18,451
Number of ID 3,851 3,848
Year FE No Yes

Note: 4 MaxEITC is the change in maximum EITC eligi-
bility in terms of $1000s for an individual depending on the
number of dependents. Column 1 presents reduced form esti-
mates without controls. Column 2 is reduced form estimates
controlling for change in education and change in age. Stan-
dard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table AT6D: Reduced Form Estimates of the E ect of Changes in Maximum EITC
on Job Satisfaction

VARIABLES 4 Job (1) 4 Job (2)
4 MaxEITC -0.001 0.003
(0.00588) (0.0064)
4 Education -0.00807
(0.00825)
4 Age 0.00233*
(0.00133)
4 Job Satisfaction (Mean) 0.05
Observations 18,451 18,451
Number of ID 3,851 3,848
Year FE No Yes

Note: 4 MaxEITC is the change in maximum EITC eligi-
bility in terms of $1000s for an individual depending on the
number of dependents. Column 1 presents reduced form
estimates without controls. Column 2 is reduced form esti-
mates controlling for change in education and change in age.
Standard errors in parentheses. *** p<0.01, ** p<0.05, *
p<0.1.
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Table AT6E:Reduced Form Estimates of the E ect of Changes in Maximum EITC

on Income
VARIABLES 4 Income (1) 4 Income (2)
4 MaxEITC 0.008 0.015*
(0.0063) (0.0062)
4 Education -0.018**
(0.008)
4 Age 0.003**
(0.0013)
4 Income Satisfaction (Mean) 0.15
Observations 18,451 18,451
Number of ID 3,851 3,848
Year FE No Yes

Note: 4 MaxEITC is the change in maximum EITC eligibility in terms

of $1000s for an individual depending on the number of dependents.
Column 1 presents reduced form estimates without controls. Column 2
is reduced form estimates controlling for change in education and change
in age. Standard errors in parentheses. *** x 0.01, ** p<0.05, * p<0.1.

Table AT7A: SIV Estimates of the E ect of EITC on Life Satisfaction

VARIABLES 4 Net Income 4 Life Satisfaction

4 SImEITC 0.9*

(0.4)
4 Net Income 0.09

(0.14)

Mean -0.005 -0.011
Observations 18,451 18,451
Fixed E ects No No
R-squared 0.004 0.004

Note: 4 SIimEITC is the predicted change in simulated
EITC by using equation (6) in terms of $1000s. Net Income
is after-tax income including the EITC benets. Both Net

Income and predicted change in SImEITC are in ation-
adjusted. Standard errors in parentheses. *** p<0.01, **
p<0.05, * p<0.1.
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Table AT7B: SIV Estimates of the E ect of EITC on Family Life Satisfaction

VARIABLES 4 Net Income 4 Family Life Satisfaction

4 SImEITC 0.91**

(0.4)
4 Net Income -0.03

(0.035)

Mean -0.005 -0.04
Observations 18,451 18,451
Fixed E ects No No
R-squared 0.003 0.003

Note: 4 SImEITC is the predicted change in simulated EITC by using
equation (6) in terms of $1000s. Net Income is after-tax income including
the EITC bene ts. Both Net Income and predicted change in SImEITC are
in ation-adjusted. Standard errors in parentheses. *** p<0.01, ** p<0.05, *
p<0.1.

Table AT7C: SIV Estimates of the E ect of EITC on Health Satisfaction

VARIABLES 4 Net Income 4 Health Satisfaction

4 SIimEITC 0.9**

(0.4)
4 Net Income 0.07

(0.2)

Mean -0.005 -0.04
Observations 18,451 18,451
Fixed E ects No No
R-squared 0.004 0.004

Note: 4 SImEITC is the predicted change in simulated EITC by
using equation (6) in terms of $1000s. Net Income is after-tax
income including the EITC benets. Both Net Income and pre-
dicted change in SIimEITC are in ation-adjusted. Standard errors
in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Table AT7D: SIV Estimates of the E ect of EITC on Job Satisfaction

VARIABLES 4 Net Income 4 Job Satisfaction

4 SIimEITC 0.91*

(0.4)
4 Net Income 0.08

(0.15)

Mean -0.005 0.05
Observations 18,451 18,451
Fixed E ects No No
R-squared 0.001 0.001

Note: 4 SImEITC is the predicted change in simulated EITC
by using equation (6) in terms of $1000s. Net Income is after-
tax income including the EITC bene ts. Both Net Income and
predicted change in SImEITC are in ation-adjusted. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table AT7E: SIV Estimates of the E ect of EITC on Income Satisfaction

VARIABLES 4 Net Income 4 |ncome Satisfaction

4 SIimEITC 0.6*

(0.4)
4 Net Income 0.1

(0.3)

Mean -0.87 0.15
Observations 18,451 18,451
Fixed E ects No No
R-squared 0.001 0.001

Note: 4 SImEITC is the predicted change in simulated EITC by
using equation (6) in terms of $1000s. Net Income is after-tax
income including the EITC benets. Both Net Income and
predicted change in SIMEITC are in ation-adjusted. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Table AT8A: Robustness Check for Months March, April and May

VARIABLES Happy Life Satisfaction Family Health Job Income

EITC -0.175%** -0.172%** -0.0318 -0.186*** -0.192*** -0.442***
(0.0272) (0.0281) (0.0305) (0.0338) (0.0335) (0.0390)

Observations 3,355 3,355 3,354 3,353 3,354 3,353

R-squared 0.002 0.002 0.003 0.028

Note: EITC is in terms of thousands and in 2019 dollars. Each column shows the correlation between the
EITC and subjective well-being (SWB) measures for the months of March, April, and May. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table AT8B: SIV Estimates of the E ect of EITC on Happiness for March, April,

and May

VARIABLES 4 Net Income 4 Happy 4 Net Income 4 Happy
4 SImEITC 24 6.5%**

(4.5) (4.2)
4 Net Income -0.078 0.05

(0.0002) (0.04)

Mean -0.868 -0.0004 -0.868 -0.0004
Observations 819 819 819 819
Fixed E ects No No No No
Controls No No Yes Yes
R-squared 0.001 0.001 0.008 0.008

Note: 4 SImEITC is the predicted change in simulated EITC by using equation
(6) in terms of $1000s. Net Income is after tax income including the EITC bene ts.
Both Net Income and predicted change in SImEITC are in ation adjusted. Standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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1.10.2 List of Figures

Figure AF1: Earned Income Tax Credit 2023
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Figure AF2: Distribution of Federal EITC by Number of Dependents

Note: Figure AF2 shows the distribution of Federal EITC by number of dependents.
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Figure AF3: Distribution of the Change in Fedral EITC

Note: Figure AF3 shows the distribution of Change in Federal EITC received by individuals.

57



Figure AF4: Distribution of State EITC by Number of Dependents

Note: Figure AF4 shows the distribution of State EITC by number of dependents.
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Figure AF5: Distribution of the Change in State EITC

Note: Figure AF5 shows the distribution of Change in State EITC received by individuals.
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Figure AF6A: Distribution of Net Income

Note: Figure AF6A shows the distributuion of net income. Net income is measured as after tax

income and in ation adjusted.
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Figure AFB: Distribution of Change in Net Income

Note: Figure AF6B shows the distributuion of change in net income.
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